



































































































































Structural Risk Minimization

Empirical minclussification in Binary classification

Ln sign hl 1m Ê tt
yi.sigum Kiko

In Ê tt
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Risk convenification Replace y A
zoo

by some comme function z lLz

Remark Logistic Regression In some cases

risk convenification can be interpreted as manimenium

bihehood estimation of some Generalized Lin Model






































































































































Consider a binary response Y c 0,1f In

logistic requision the log lelielihoodratio

is givenby

by Ps 7 I I Xx
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that yields
po pire
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The negative log likelihood à

NI Ê y lay Pr LH ln3

le y log Pr LE col ni Il






































































































































In Mt it is more common to code

Ye f till
and in this case the negative log likelihood à

È log le e
tintait

with h ni Pot Pini

Popular loss function
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Support Vector Mouluries

N Ent
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subpettoyilpotrinitz M le

and Z O

Î Ç E C

H BHz l

This program is equivalent là

qui
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Es

where h n p ptn






































































































































solution is quien by
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Reproducing Kernel Millet Spaces

In some ML problems solutions

are given by product of matrices
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Xi tjs k Hi Xj

Lyiki X yiklx.it

RKHS Vm72 Vnam nnc

XK

Lklni niI 70
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symmetric
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SVM RK MS framework

f È r y hait dll Blli
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Kernel SVM

Instead of te tirs Kik

We can chan any RKHS matin K
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We look at the kernalized SVM
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Proof Slack variables
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Program
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