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Sensitivity to the utilization rate and the scope of training

1. Average utilization rate (AUR) of data center equipment

e AUR = percentage of time in the equipment lifespan during which it is actively used, as opposed L 12

to when it is either idle or on standby. ﬂmpdrison % 100 |
e Crucial to the allocation for cost-heavy data center equipment. between the 8 i - End user Terminals
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only includes versions v1.l and v1.2. scenario (L) 9 Additional impact due to scenario L
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Potential layers of
training for a Gen-Al

Conclusions

Current boundaries:
e Fondation model (v1)
e Sub-version (vl.l, v1.2, etc.)

[Fondqﬁon

o Generative Al offers digital services that are particularly costly in environmental
tferms.
- o The total footprint is not concentrated in a single part and a single impact.
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Deployment of the service

Company Y - - _— with training o Alarge proportion of GHG emissions can be avoided, but this will not be enough.
~ on Compqny da-l-q AWS Bedrock

© The transformation of data centers induced by the multiplication of these

)
 User profi t Extra-training phase, such as services will generate numerous impacts of 2¢ and 3¢ order.
) “fine tuning”, at various scales:

User session e User profi o More than gengrahve Al qs a technology, it is the rapid, growing, .uncon’rrolled
e User session deployment of it as a service that represents a problem for our environment.
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