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Le futur de I'TA
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Le futur de I'TA
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Le futur de I'TA
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L’exposé de ChatGPT

“ what is the state of the art of A.l. research?

As of my knowledge cutoff in 2021, the state of the art of Al research was characterized
by several significant developments across different fields, including

srtfical
Inteligence

. Natural Language Processing (NLP): The development of large-scale language models,
such as GPT-3 and BERT, which achieved state-of-the-art performance in a wide range
of language tasks, including language generation, question answering, and sentiment
analysis.

. Computer Vision: Advancements in computer vision, including the development of
deep neural networks, such as convolutional neural networks (CNNs), that can perform
complex visual recognition tasks with high accuracy. Applications of computer vision

~

include image and video recognition, object detection, and facial recognition.

. Reinforcement Learning: The development of reinforcement learning algorithms that
enable machines to learn from experience by maximizing a reward signal, leading to
breakthroughs in robotics and game playing.

w
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P Generative Models: The development of generative models, such as generative
2 adversarial networks (GANs) and variational autoencoders (VAES), which can generate
; Jr new images, videos, and even text by learning the underlying distribution of the data.

» 4 5. Robotics: Advances in robotics, including the development of humanoid robots and the
X use of deep reinforcement learning to teach robots new skills.
d_!:‘- It is worth noting that research in Al is a rapidly evolving field, and there may have been

new breakthroughs and developments since my knowledge cutoff.
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D’abord, les fondamentaux

Ordinateur = machine capable d'un petit nombre d'opérations élémentaires, qu'on
peut combiner a I'envi

Spécification d'un probléme = description de la sortie souhaitée pour une entrée
donnée

Entrée —> — Sortie

[3.2,51.4]

—  [1,2345]
le petitchat ——  the little cat

—

—

Exemples:
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Deux approches de résolution

Approche classique : réduction = décrire le programme = la suite d'opérations
élémentaires permettant de construire la sortie a partir de I'entrée
= programmation (codage)

Intelligence artificielle = programmer l'ordinateur pour qu'il construise lui-méme le
programme qui résout la tache visée
= méta-programmation

— pour chaque probléme, les deux approches sont possibles
— mais elles sont plus ou moins efficaces
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Exemple tarte a la creme: MNIST
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Science des données

= résolution de problémes dont les entrées sont les données

— stockage, gestion, acces, etc. ‘ :
. L . . : ‘». hgp
— visualisation, représentation : M % ‘
ibgatiy!
— simplification, typologie e ¥
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Intelligences Artificielles

— Raisonnement sur les données
Ontologies
Web sémantique

B ) — Léonard de Vinci

WIKIPEDIA

— Stratégies
Jeux
Agents autonomes

— Apprentissage automatique
Classification supervisée
Régression
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Apprentissage supervisé & non-supervisé

Classification
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Supervised learning
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Science des Données, Intelligence
Artificielle, Apprentissage Automatique

Data
Science
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Des succés spectaculaires




Une histoire mouvementée

Al summers and winters

Al is enjoying signifi hype and i

A.l. gains scary

Buzz, impact & Manyare.” effectiveness and
pervasiveness bellll’\g on this pervasiveness
outcome

Excitement fades,
certain applications
benefit hugely

A.l. “Winters”

Bubble bursts,
next A.l. winter
arrives

1975 1990 2017

Src: Aleksandra Przegalinska, Kozminski University/ MIT Center for Collective Intelligence
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Des succes spectaculaires 1/2

e Reconaissance d'image
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https://link.springer.com/article/10.1007

Des succes spectaculaires 2/2

e |A générative

e Systemes de recommandation
(presse, publicités, films, etc.)

e I LEBOWSKI

P
P
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http://www.vodkaster. “com,
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http://www.vodkaster.com/

Apprentissage par transfert

TRADITIONAL MACHINE LEARNING TRANSFER LEARNING

P P @ T
L7 Pate 3 C - .Q_O.
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— DATASET 1 MACHINE LEARNING MODEL 1
Utiliser des compétences acquises = W/TH  MeELERINeHOR !

sur une tache pour en résoudre une e —» [{o¥2
autre

KNOWLEDGE

DATASET 2 MACHINE LEARNING MODEL 2

+ analogue

DATASET 2 MACHINE LEARNING MODEL 2

« dérivée

* ou plus précise
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Outline

Faire confiance aux IA?
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Questions de confiance

Hewlett Packard
Lal

Design and synthesize
Al models for trust
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Fair
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Al YOU CAN and assess trust
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/ Build a data foundation |
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Transparence d’usage

un challenge sociétal,
politique et Iégislatif
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Explicabilité

un challenge technique




Ethique: Biais et discriminations

PERSISTENT BIAS

Over the past seven years, the proportion of participants in genome-wide
association studies (GWAS) that are of Asian ancestry has increased.
Groups of other ancestries continue to be very poorly represented.

un challenge technique

et sociétal
2009 2016
373 studies 2,511 studies
1.7 million samples 35 million samples

0 0
96% 81%
European European
ancestry ancestry
Asian

QOther non-

European
49, Non- 19% Non-
European European
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Confidentialité

un challenge technique
et sociétal

Review your NDA
with our ALl

It’s free. Sovncr oy osion
Time-to-data: from
months to minutes

b
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Src: https://www.sarus. tech/
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Programme de la journée

09h30 -

10h00 - Table ronde IA de confiance

11h20 -

13h20 - Table ronde IA et robotique

14h00 -

14h30 - L'IA dans le secteur des cosmétiques

15h30 -

16h00 - IA & créativité : la révolution des IA génératives
16h20 -

16h40 - Les startup d'intelligence artificielle en Europe

En fil rouge: visites de stands
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